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ABSTRACT
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1. Introduction

When events affect academic research, our abilities to understand and craft response

policies are curtailed. While financial economists study how various phenomena affect others,

understanding how the economists themselves are affected receives relatively little attention.

Here, we focus on how such an event - the COVID-19 pandemic - affected the productivity,

the quality and the message of financial economics research.

We start by focusing on a measure of productivity that is nearly synonymous with aca-

demic success: the numbers of research articles produced. Indeed, as the aphorism “publish

or perish” suggests, in several academic disciplines, including Economics and Finance, it

is common that promotion decisions are largely based on how well and how many papers

the academic published (Heckman and Moktan, 2020). We will thus analyze the impact

of the COVID-19 pandemic on the number of articles posted by academics from these two

professions. Assessing the impact of such a recent event is especially important because

some of its potentially negative consequences could still be mitigated. For example, we can

adjust upcoming hiring decisions of current Ph.D. students or tenure decisions for junior

faculty. While such responses were already observed, they may have been insufficient, as

Butler (2021) argues.

When other authors study the impact of COVID-19 pandemic on academic productivity,

the conclusions are different. For example, Barber, Jiang, Morse, Puri, Tookes, and Werner

(2021) use survey data recorded at the end of 2020 and find that most academics respond that

they are less research productive since the pandemic started. In contrast, Kruger, Maturana,

and Nickerson (2020) investigate posting of working papers on the Social Sciences Research

Network (SSRN) and find that more papers are posted since the beginning of the pandemic,

concluding that research productivity has increased.

Barber et al. (2021) provide several potential explanations for these opposing findings:

first Kruger et al. (2020) focus on Top 50 U.S. departments while Barber et al. (2021)
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contains survey responses from members of the American Finance Association; second, the

increase documented by Kruger et al. (2020) might be a “one-time surge at the beginning

of the pandemic” (p. 1666); third, “COVID-19 itself acts a natural experiment” (p. 1666)

and might have attracted research; and finally, that the survey results used in Barber et al.

(2021) might be biased.

To provide an answer on how productivity changed during COVID-19 and reconcile the

findings of these two studies, we first focus on testing the hypotheses outlined by Barber

et al. (2021) on a SSRN sample that, in contrast to Kruger et al. (2020), extends beyond the

Top 50 departments and the beginning of the pandemic. There are several reasons for which

using such an extended sample is crucial. First, it is likely that COVID-19 affected faculty

health directly only marginally. Rather, the effects of COVID on research productivity are

indirect, through specific policy choices such as social distancing leading to school closures,

moving to remote instruction, and cancellations of conferences. These policy choices affect

research productivity: school closures shifts child care demands to parents, remote teaching

requires additional preparation, and the lack of conferences decreases the amount of feedback

and the opportunities to network. Second, and importantly, these examples demonstrate how

these policy choices affect productivity unequally across researchers. For example, authors

without young children might be less affected by school closures, faculty with low teaching

loads might be less affected by remote teaching, and faculty within larger departments might

be less affected by the lack of conferences because co-workers might step in as co-authors

and to provide feedback. It is therefore important to investigate productivity across as large

a cross-section of researchers as possible, and this is why our sample consists of authors at

SSRN Top-1,000 business schools and economics departments and covers the period from

July 2016 to August 2021.

Our evidence from this extended sample overwhelmingly indicates that productivity de-

clined during the COVID-19 pandemic period, and it additionally appears a case study in
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inequality. First, our evidence shows that authors from outside Top 50 departments posted

0.16 fewer papers per year after COVID than before the pandemic started - a 20% difference

relative to the average number of papers posted per year in our entire sample (which is 0.79).

This difference was however more minor for those authors from Top 50 departments, who

posted only 0.06 fewer papers per year than before. It is instructive to understand what ex-

plains this difference: male senior faculty from Top 50 departments were significantly more

productive, while female authors or Ph.D. students from those top departments experienced

a productivity decline.

We note that the increases in productivity - when observed - cannot be explained by

those authors quickly producing papers related to the pandemic itself. Indeed, we verify

that our results are robust to the exclusion of studies mentioning the COVID-19 pandemic

in their titles or abstracts.

We then test whether the increase in productivity is temporary, for example because the

canceled conference season allowed researchers to “complete existing projects” as suggested

by Barber et al. (2021). Explaining research productivity over a long time span, from July

2016 to August 2021, and separating the effect by quarters after the breakout of COVID-19

indicates that productivity increased only in the first quarter of the pandemic, while declining

in any quarter afterward.

How were some of the Top 50 authors more productive? One possible explanation is

that these authors rushed to post or revise papers. Indeed, we test this hypothesis, and

our tests are supportive. Specifically, we find that authors from Top 50 departments posted

fewer pages (thus, shorter papers) than before COVID. We also find that junior faculty at

those departments, otherwise more productive researchers on average than their colleagues,

also posted more revisions, rather than newer articles. Given these findings, it appears

unlikely that the papers posted in the quarter immediately after COVID are all novel, as

one would expect from the casual observation that productivity increased. Rather, influenced
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by probable future uncertainty, it is likely that authors rushed to post or revise existing work.

Another way to increase the number of papers posted, potentially mechanical, is to

increase the co-authors network. Indeed, consistent with Jones (2021); Maher and Noorden

(2021), we find that research networks expand during the pandemic, with an even larger

expansion observed for Top 50 departments.

To summarize, productivity declined on average during the COVID-19 pandemic. How-

ever, male, as well as senior and junior faculty at Top 50 departments experienced a fleeting

increase in productivity, owing to a rush to post shorter work, revise an existing paper, and

to an expansion of their co-author networks.

We further turned our attention to the degree to which abstracts of papers posted during

the pandemic are polished and easily readable. By using several measures of readability we

confirm that these abstracts are more difficult to read, confirming the assertion that their

authors rushed to post them.

In summary, our results indicate that the increase in productivity is largely superficial,

a fact confirmed by the editorial report in the Journal of Finance, which “[i]n 2020, ... had

an unusually low number of conversions to acceptance [...]” (Nagel, 2022).

To assess whether the pandemic affected researchers on a personal level and in more

profound ways, we also analyze whether basic emotions (happiness, anger, surprise, sadness

and fear) were reflected differently in research after COVID. The expectation is that research

is impartial, and therefore no change in emotions is expected. Indeed, and consistent with

this assertion, emotions are explained to a very small degree in the cross-section of authors.

The changes we observed - a small decline in surprise as well as an increase in happiness

among Top 50 senior faculty authors - are small and unimportant.

Our paper contributes to the literature in several ways. First, we document that various

events may affect financial economists and their research. For examples, Woolston (2020)

document mental health concerns among US students using survey data, potentially affecting
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their academic success. Using survey data, Barber et al. (2021); Kyle R. Myers and Wang

(2020) document that research productivity declined. We confirm and extend these studies

using all Top 1,000 universities research papers posted around the COVID pandemic.

Second, and importantly, we document that the COVID pandemic disproportionately

affects some researchers, such as those from universities with less resources (outside the Top

50), female researchers, or Ph.D. students. This result - that policies addressing COVID-19

contributed to a decline in female financial economists productivity - should be particularly

worrying given the already documented underrepresentation of female academics in Finance

(Sherman and Tookes, 2022).

Third, given various concerns of using survey data, such as the category effect, in which

the question can shape the answer Schwarz (1999), it is important that results of survey data

are robust to using actual outcomes. Our research does so for research productivity.

2. Identification

We want to estimate the production function for research productivity and how it has

changed post-COVID. We assume that productivity can be expressed according to the fol-

lowing additive model:

E[Productivityi,m|i,m] = αi + αm + αi,m, (1)

i.e., we assume that productivity of author i in month m depends on author fixed-effects, αi,

such as intelligence and other time-invariant characteristics; on month fixed-effects, αm, such

as summer months without teaching obligations during which research productivity might

be affected equally for all researchers; and on two-dimensional author-month fixed effects

allowing for time-varying author-level heterogeneity, such as whether summer months affects

authors differently, depending on other author characteristics.
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Given that we empirically proxy Productivityi,m by a count variable equal to the number

of papers posted on SSRN by researcher i in month m, such a model would perfectly explain

the data but also not provide any economic insights. Instead of explaining productivity by

time-varying author-level shocks (αi,m), we interact various author characteristics by a post-

COVID indicator. We therefore assume that productivity varies by month equally across all

authors and that the effects of author characteristics on productivity are time-invariant but

vary pre- and post-COVID. Empirically, we estimate:

Productioni,m = αi + αm + COV IDm +
∑
j

βjCOV IDmαi,j + εi,m, (2)

with αi and αm as before, COV IDm an indicator variable equal to one if month m is after

or equal to March, 2020, and αi,j characteristic j of author i.

For example, imagine two authors i = 1 and i = 2. i = 1 is an author from a top

business school (α1,1 = Top501,1 = 1), she is female (α1,2 = Female1,2 = 1), and she is a well

established Full Professor (α1,3 = Senior1,3 = 1). i = 2 is an author from a “teaching” school

(α2,1 = Top502,1 = 0), he is male (α2,2 = Female1,2 = 1), and he is an Assistant Professor

(α2,3 = Senior2,3 = 0)

Compared to the junior author, the senior (rational) author might be more worried about

direct affects caused by COVID but might be less affected by policy choices such as social-

distancing (she already has an established research network), school closures (she does not

have school-aged kids), and changes in teaching (she has a low teaching load). Therefore, we

would expect that β3 is positive, i.e., all else equal, productivity for senior authors is likely

higher than for other authors. Given that teaching loads are lower and research networks are

better for authors affiliated with Top-50 schools, we also expect that β1 is positive. Given

previous findings, such as that females are often more involved in household chores and

raising children, we expect that females are in particularly negatively affected by school
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closures, i.e., that β2 is negative.

We do not know how these characteristics affect productivity before COVID, but we

control for these effects using author fixed effects αi, which will capture all pre-COVID

effects as long as the effects of these characteristics did not change pre-COVID.2

This procedure allows us to use a difference-in-difference regression to estimate the overall,

i.e. direct and indirect, impact of changes due to COVID on research productivity. It

is important to note that we do not establish any causal relation between COVID and

productivity. The causal effect of COVID on productivity (that is, when researchers could

not perform their duties because of health reasons) is likely marginal. Rather, the effect of

COVID on research productivity is likely indirect through various policy choices, which likely

affected researchers differently depending on their characteristics, as elaborated before. The

low direct impact of COVID on productivity is likely a consequence of the policy choices.

In other words, while we would like to estimate the impact of policy choices on productivity

we can not do so because of spillovers. Given that we do not know the counterfactual, we

cannot distinguish between direct and indirect effects and therefore cannot make any causal

statements. For example, we do not know how productivity would be affected absent any

policy choices in which case a senior author would have likely been more directly affected

than a junior one, because the increase in health risk by age.

3. Data

We collect data from the Social Science Research Network (SSRN), an online repository

of scholarly research. Every month SSRN compiles rankings of top organizations in different

academic disciplines based on the latest total paper downloads of affiliated authors.1 We

2Note, that all these author characteristics are potentially time varying. We should control for αi,j in the
panel regression, but given that we estimate these variables from the author page which only provides cross-
sectional data we do not have time variations in author characteristics. Given that our sample is relatively
short time variations in author characteristics should be minimal.
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focus on authors at SSRN top-1,000 business schools and economics departments as of August

2021. The affiliated institutions on the rankings list are from 92 countries and regions.

On SSRN author pages, we collect data on authors’ names, affiliations, official titles, and

addresses. Each SSRN author page also includes a list of papers posted by the author

with unique paper IDs assigned by SSRN. We obtain a list of paper IDs and navigate to the

corresponding SSRN paper pages to acquire data on papers. The data of interest from SSRN

paper pages are the paper’s title, abstract, keywords, JEL codes, author names, posting date,

number of pages, number of downloads, and number of abstract views.

Following Kruger et al. (2020), we exclude cases, appendices, presentation slides, book

reviews, book chapters, lecture notes, and other non-research papers by searching relevant

words in titles, abstracts and keywords.2 Any postings that are under 10 pages, have an

abstract fewer than 10 words, or have more than six authors are also dropped. For the paper

with multiple versions, we only include the latest version based on the posting date.3 If a

paper is written in multiple languages, we only keep the English version. Multiple accounts

that belong to the same author are consolidated. We remove 1,678 authors whose gender

cannot be determined by examining their names. Our final sample consists of 36,714 authors

and 78,777 unique papers from July 2016 to August 2021, which is around one third of all

214,006 papers in the Financial Economics Network on SSRN as of December, 17th 2021.4To

be comparable with Kruger et al. (2020), for a subsample of authors on tenure track at Top

50 economics and finance departments,5 we hand collect data on their official titles, genders,

and academic disciplines from university and personal websites. The subsample includes

1Source: https://www.ssrn.com/index.cfm/en/top-organizations/, accessed August 2021.
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1,614 authors and 8,018 papers from July 2016 to August 2021.

We use multiple sources of information to determine whether authors’ academic disci-

plines are Finance or Economics. First, for the subsample of authors at Top 50 Economics

and Finance departments, we use our hand-collected data. Second, we search keywords

related to Finance and Economics in authors’ official titles. Third, following Card and

DellaVigna (2013), we assign papers to three fields that are Economics, Finance, and Other

field based on JEL codes. At the author level, we calculate three field weights of posted

papers. For the group of authors with the identified discipline of economics (finance) from

first two steps, we compute median weight of papers on economics (finance). For the re-

maining authors whose academic disciplines cannot be determined after first two steps, they

are assigned to the discipline of economics (finance) if the weight of papers on economics

(finance) is above the median.

To identify the authors’ genders, we use the Python interface Genderize.io that can

predict gender with a confidence level based on the name. The gender is set to be unidentified

when the confidence level is zero. We construct the measures of account age as the number

of years between the posting date of the first paper and August 2021. To construct the

measure of seniority, we rely on authors’ official titles to categorize them into senior faculty,

junior faculty, and PhD students. For those authors whose official titles either do not fit the

2On the SSRN author page, different versions of a paper would usually be grouped under the same paper
title. We keep the version with the most recent posting date and label it as a revision. For authors with more
than one posted paper, We also compute generalized edit distances of titles as well as abstracts between
papers by the same author. If generalized edit distances of titles and abstracts between two papers are both
below 10,000, we keep the version with the most recent posting date and label it as a revision.

3We prepare a list of relevant words that indicate different types of non-research papers. If any relevant
words appear in the title, abstract, or/and keywords of a paper, the paper will be excluded. To make sure
that relevant words are able to identify non-research papers correctly, we randomly select 40 papers to review
manually per relevant words. The list of relevant words can be found from Table A.2.

4Source: https://papers.ssrn.com/sol3/DisplayJournalBrowse.cfm
5Economics department rankings are from the June 2020 IDEAS/RePEc ranking of U.S. economics de-

partments. Finance department rankings are from the Arizona State University (ASU) Finance Research
Ranking based on top-4 journal publications from 1990 to 2019.
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three ranks above (e.g., undergraduate student, postdoc) or are missing, we put them in the

fourth group as non-tenure-track authors.

4. Changes in research productivity due to COVID

Table 1 provides summary statistics. Our sample consists of 36,714 authors that posted

143,412 (not necessarily unique) papers over the 62 months from July 2016 to August 2021.

We measure research productivity by the number of papers posted. On average, each author

posts around 0.8 papers per year.

Panel B of Table 1 summarizes research productivity pre- and post-COVID, defined as

papers posted from September 2018 to February 2020 and from March 2020 to August 2021,

respectively. We report the total papers in both periods and the number of authors that

posted less, more, or equal number of papers in both periods. We also look at subsamples,

such as whether the author is associated with a Top 50 department, female, junior, and other

author characteristics.

Overall, the number of papers posted increased from 33,023 pre-COVID to 35,213 post-

COVID, an increase of around 6%. Of the 23,585 authors that posted any paper around

the beginning of COVID, 10,880 authors posted fewer papers, and a smaller number of

9,405 posted more papers post-COVID than pre-COVID. These results indicate that the

apparent increase in research productivity, as documented by Kruger et al. (2020), might be

concentrated in certain groups. On the other hand, this division indicates that the decline in

self-reported research productivity reported in Barber et al. (2021), as having occurred for

almost 80 out of 100 respondents (p. 1657), might be exaggerated. Indeed, we find that the

total number of papers posted post-COVID decreases for Female, Ph.D, or non tenure-track

authors, while this number increases for others.

Next, we investigate how COVID affects research productivity, in particular testing var-

ious hypothesis for why results based on survey data Barber et al. (2021) might differ from
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results based on actual posted papers Kruger et al. (2020).

4.1. Productivity increases only for Top 50

To estimate how COVID affected research productivity, we estimate fixed effect panel

regressions explaining the annualized number of papers posted in any given month by any

author in our sample. Our sample consist of all authors from top-1,000 US and international

business schools and economics departments that posted a paper on SSRN between July

2016 and August 2021.

Table 2 reports the results. We find that post-COVID, the number of papers posted per

year decreases by around 0.13 papers. This result is opposite of Kruger et al. (2020), who

find that the number increases by around 0.4 (see their Table 2.) Because results in Kruger

et al. (2020) are based on authors from Top 50 departments only, in the next column, we

include an indicator variable equal to one if an author is from a Top 50 department. While

we find a positive effect for authors from Top 50 departments the magnitude is similar to the

overall effect, indicating that research productivity of the Top 50 departments was, in fact,

unaffected on average. The next four columns interact our baseline model by author char-

acteristics using indicator variables, whether the author is female, senior, junior, or a Ph.D.

student. In the last column we explain productivity by these four author characteristics

simultaneously. In this case the benchmark is the productivity pre-COVID of a non-tenure

track (see Table A.1 for an exact definition), male author from a department outside the

Top-50. Results indicate that productivity after COVID increased for male and senior Top

50 authors by around 0.2 (= −0.188+0.029+0.231+0.14) papers per year, while for male and

junior Top 50 authors it increased more modestly by 0.1 (= −0.188+ 0.029+ 0.143+ 0.131)

papers per year.

Given that COVID attracted a lot of research focused on the pandemic itself (Barber

et al., 2021), we also measure research productivity by excluding papers that mention COVID
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in the title or in the abstract. From the 78,777 papers in our sample, 2,791 mention COVID

in their title or abstract. Note that the number of observations in Tables 2 and 3 are 1,832,332

and, respectively, 1,818,456. This large magnitude is because productivity is zero or one for

each author-month observation in our sample depending on whether the author posted a

new paper. Because of the high number of zero observations we also estimate Table 2 using

a Poisson regression, following the suggestion of Cohn, Liu, and Wardlaw (2021), and find

that the results are robust (see Table A.3).

Table 3 reports the results when we drop COVID related papers. Again we find an

overall negative effect of COVID on productivity, which is mitigated for Top 50 authors,

male authors, and also for senior authors. More precisely, productivity also declined for Top

50 departments, by a more modest 0.1 papers per year (more precisely, by -0.115 = -0.232 +

0.117) with male and senior authors from these departments showing an economically small

increase of 0.06 papers per year.

4.2. Productivity increased only in the first COVID quarter

As suggested by Barber et al. (2021), research productivity might have increased after

COVID (as documented by Kruger et al. (2020)) only temporarily, for example, because of

more research time in the otherwise busy conference months. Another explanation might be

that researchers were rushing off existing or new work in anticipation of doing less research

in the future or to share their work more quickly as this behavior was encouraged Brainard

(2020). In both cases we should see a spike in productivity close the COVID outbreak

which then levels off in the subsequent quarters. Note, in particular, that because Kruger

et al. (2020) only uses data till October 2020, longer-term productivity changes may not be

reflected in their sample.

As in Table 2, we regress the number of papers posted on SSRN within each given month

by any author in our sample while distinguishing between papers posted in quarter after
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COVID (March to May of 2020) and the subsequent quarters. The benchmark is thus set

to the quarters before COVID. Overall, we find that in the quarter after COVID research

productivity increased by around 0.07 papers per year while in the quarters afterwards

productivity decreased by almost 0.2 papers per year. For authors from Top 50 departments

productivity was affected in a different way: it increased for male and senior authors, both

in the quarter after COVID as well as in the following quarters, while it declined for female

faculty and Ph.D. students from those departments, in all of the post-COVID quarters.

All together, these results indicate that the effect on productivity was experienced un-

equally among authors. Authors outside Top 50 departments, women, and Ph.D. students

were overwhelmingly negatively affected.

4.3. Productivity increases are superficial

Previous results indicate that the number of papers posted on SSRN post-COVID increase

for some authors, such as male authors affiliated with Top 50 departments. In this section we

investigate how much of the increase in posted papers is superficial. We consider the increase

in productivity superficial if it is due to a decrease of the number of pages of each article, if it

is driven by revisions of older articles, or by an increase in the number of co-authors. All of

these possibilities would result in an increase in posted papers, but not necessarily in a more

productive research output. For example, separating a longer paper with a theory and an

empirical part into two separate, shorter papers would double the number of papers posted

but half the number of pages, while leaving the true productivity (that is, the quantity of

research results) unchanged. Moreover, revising an old, existing paper should also contribute

less towards an increase in productivity than posting a new paper, yet in the mere paper

count it has the same contribution (see Table A.1 for a definition of a revised paper). Finally,

increasing the number of co-authors may artificially boost the number of posted papers per

author-month, but also not contribute to an increase in productivity. Tables 5, 6, and 7
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report the results. The number of observations in Tables 5, 6, and 7 are the number of

author-months in our sample with non-zero posted papers.

Table 5 reports fixed-effect panel regression results, explaining the (logarithm of the)

number of pages for each paper posted on SSRN from July 2016 to August 2021. We find

that while overall, the number of pages did not change pre- to post-COVID, it decreased

by around 2% in the case in which the papers were posted by someone from the Top 50

departments. In other words, authors outside the Top 50 departments posted less papers

with similar numbers of pages, while authors from Top 50 departments posted more papers

but with fewer pages. As before, in columns (3), (4), (5), and (6) we further distinguish,

respectively, between Female, Senior, Junior, and Ph.D. student authors. From the authors

that posted an increased number of papers, we find that only senior authors from Top

50 departments did not change the number of pages, while all others with a increase in

the number of papers decreased the number of pages for those articles. Especially, junior

authors from Top 50 departments decreased the average number of pages for an article posted

post-COVID by almost 5%.

Next we investigate the number of revisions posted. We only consider papers that are

newly posted on SSRN, but are revisions of previously posted articles (e.g., because they

have the same title; see Section 3 for details of how we classify revised papers). Table 6

reports results from Poisson regressions similar to Table 2, but explaining the number of

revisions posted per author-month. We find that for junior authors affiliated with Top 50

departments, the number of revisions increased by around 0.4 per year.

Finally, Table 7 reports Poisson regression results explaining the number of co-authors.

We find that the number of co-authors per paper increases on average by around 0.08 au-

thors per paper post-COVID. The increase is stronger for authors associated with Top 50

departments (with an additional increase of around 0.03 authors) and especially strong for

junior authors associated with these top departments (with an additional increase of around
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0.07 co-authors). The increase in the number of co-authors for papers written by authors

associated with Top 50 departments might indicate that these authors have better research

networks. Given the travel restrictions and that most collaborations start “face-to-face or

side-by-side” (Maher and Noorden, 2021) and are more successful when done “face-to-face”

than not (Bohns, 2017), authors at Top 50 departments might have been less affected, given

that these departments are on average larger and therefore lend themselves to the creation

of better internal publication networks. Larger networks at bigger departments might be

especially important for junior authors, who may lack an extensive network of co-authors.

Similarly, we find a negative effect for female authors, which is consistent with the docu-

mented smaller publication networks for female authors (Sherman and Tookes, 2022).

In summary, Table 2 indicates that productivity increased for only senior and junior Top

50 authors. Tables 5, 6, and 7 indicate that for junior Top 50 authors, respectively, the

increase in paper posted on SSRN is at least partly driven by shorter papers, more likely to

be due to a revision, and by an increase in the number of co-authors. In short, the increase

in research productivity for junior authors appears partly superficial.

4.4. Papers readability declined during COVID

The previous subsections document that the observed productivity increases during

COVID were only superficial. This subsection analyzes the writing quality for their ab-

stracts. Are these abstracts easier to read (and understand)?

To measure the changes in abstracts readability during the COVID-19 pandemic, we

employ a set of traditional measures that could be calculated for shorter texts. These are: i.

The Flesch (1948) reading ease (a score of 100 indicates an easy-to-read text, and lower scores

indicate a more difficult or confusing text); ii. The SMOG index developed by McLaughlin

(1969) (this index describes an equivalent grade level of a reader able to understand a text;

for example, a value of 20 indicates a college sophomore); iii. The Flesch-Kincaid index
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described in Kincaid and Chissom (1975) (similarly to the SMOG index, it predicts the

grade level of a reader with the ability to understand a text); iv. The number of difficult

words in an abstract (defined as words above fifth-grade reading level from the DaleChall1948

with more than one syllable).

We then run a Poisson regression on the value of these indexes on a set of variables

including a COVID indicator. The results are presented in Table 8. The are consistent with

a decline in the readability level of abstracts during the pandemic: differently put, authors

posted abstracts with a lower clarity level and that contained more difficult words. These

effects are more pronounced for female authors, and attenuated for senior authors from Top

50 departments. This evidence is consistent with a decline in the quality of writing in the

abstracts posted in SSRN during the COVID-19 pandemic.

5. Changes in research tone

Academic research should be impartial, so disasters such as COVID should not affect

the tone of scientific studies when these studies are not focused on disasters. However, real

events may influence researchers and potentially their output.

While financial economists study the influence of different events on the collective psy-

chology of investors,6 remarkably little research has been devoted on how these events affect

the the psychology of researchers themselves. We bridge this gap for the case of the COVID-

19 pandemic and investigate if emotions in SSRN abstracts changed.

To do so, we rely on classifying abstract emotions as a sum of five basic categories:

happiness, anger, surprise, sadness and fear. We do so by using simple word counts for words

indicating particular emotions.7 We then regress the percentage of words corresponding to

6For example, Engelberg and Parsons (2016) study the influence of stock market declines on mental
health. Other examples of events that affect psychology of investors are Edmans and Norli (2007) (sporting
events) or Hirshleifer (2003) (sunshine exposure).

7We use the Python package text2emotions for these word counts.
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an emotion on a COVID dummy as well as the same set of author characteristics as in the

previous tests. The results are presented in Table 9.

While there is evidence that COVID-19 affected students’ mental health (Woolston

(2020)), our results on faculty are reassuring in that pandemic or author characteristics

do not explain much of the emotions transpiring from abstracts, as the R-squared of these

regressions are all under 1%. This should be the case as research is impartial and unrelated

to the author.

However, we observe two such changes around COVID-19 pandemic. As shown in Table 9,

the first is a decline in the amount of surprise conveyed by an abstract. More precisely,

abstracts of articles posted between March 2020 and August 2021 have 0.4% less words

indicating surprise than those posted outside this period. COVID, it appears, slightly dulled

researchers’ abilities to perceive a result or event as surprising.

The second such change is in Top 50 Senior authors degree of happiness around COVID-

19. While this seems surprising given the large negative societal shock of the pandemic, it

is useful to think that these documented differences are the result of the COVID-19 policies

in the cross-section. Increase in happiness among senior faculty may be the result of feeling

relief that classes were moved online, that social distancing was adopted, and that those at

higher risk of infection were reasonably well protected by their institutions.

Given the policies adopted as a response to COVID-19, it is interesting that those policies

have not elicited anger . According to Lerner and Keltner (2000), anger is associated with

viewing “negative events as predictable, under human control, brought about by others”

(page 479). The absence of anger signals that scientists did not assign blame onto others.

Moreover, the absence of increased feelings of fear or powerlessness further gives hope that

researchers continued to be able to produce unbiased advice to the problems they attempt

to solve.
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6. Conclusions

We investigate change in economists’ productivity around the COVID-19 pandemic and

settle differences between previous research. While the small sample, survey-based study

of Barber et al. (2021) found a decline in productivity, another study using papers posted

on SSRN by authors from Top 50 departments (Kruger et al., 2020) found the opposite.

Using an expanded sample from SSRN posts, We reconcile these studies by showing that the

pandemic induced a decline in productivity, including for the Top 50 departments (where

the decline was however more moderate).

We also document the pandemic fostered a deepening of inequality: while productivity

declined overall, it increased for senior, male authors associated with Top 50 departments.

The Top 50 departments are typically larger, can improve access to co-authors, provide better

research feedback and offer lighter teaching loads, all of which could potentially enhance

research productivity (Barber et al., 2021; Jones, 2021). The pandemic likely widened the

rankings gap between Top 50 departments and those outside this set.

Our research also highlights disadvantaged categories of authors who saw their disadvan-

tage gap increase during the pandemic. In particular, female authors, already much fewer

than their male colleagues, suffered a sharper productivity decline even at the Top 50 de-

partments. Ph.D. students, paid at a ratio of ten to one relative to faculty, also suffered a

similar decline.

Finally, and importantly, we also document, for the first time, that the tone of research

performed post-COVID changed, albeit only slightly. If policies designed to address COVID

contributed to changing the psychology of authors whose research is essential in the creation

of these very policies, we face the risk of a self-fulfilling spiral of prophecies that may vastly

amplify the immediate negative consequences of certain events. Fortunately, changes in

research tone were both minimal and benign.
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Table 1 – Descriptive Statistics and Changes in Posted Papers

This table shows summary statistics for 36,714 authors at SSRN top-1,000 business schools and economics departments. Panel
A provides descriptive statistics of characteristics of authors who posted at least one paper in SSRN from July 2016 to Au-
gust 2021. Panel B shows changes in the number of posted papers after COVID for different groups of authors. The pre-
COVID period is from September 2018 to February 2020, while the post-COVID period is from March 2020 to August 2021.
Depending on changes in the number of posted papers between post-COVID period and pre-COVID period, authors are as-
signed to one of the five columns that are <-1 (decrease by more than one paper), -1 (decrease by one paper), 0 (no
change), 1 (increase by one paper), and >1 (increase by more than one paper). All variables are defined in the Appendix.

Panel A: Descriptive Statistics

No. of Mean Std. Min 25th Median 75th Max
obs. Dev. Percentile Percentile

Papers per year 182,458 0.786 1.601 0 0 0 1 151
Business school 182,458 0.623 0.485 0 0 1 1 1
Top-50 182,458 0.199 0.400 0 0 0 0 1
Finance 182,458 0.207 0.405 0 0 0 0 1
Economics 182,458 0.567 0.496 0 0 1 1 1
Female 182,458 0.263 0.440 0 0 0 1 1
Account age 182,458 10.773 6.968 0.132 4.767 9.236 16.173 27.332
Senior 182,458 0.234 0.423 0 0 0 0 1
Junior 182,458 0.102 0.303 0 0 0 0 1
PhD 182,458 0.029 0.167 0 0 0 0 1
Non-tenure-track author 182,458 0.635 0.481 0 0 1 1 1
Months in sample 36,714 49.908 18.150 2 39 62 62 62

Panel B: Changes in the No. of Posted Papers

No. of No. of posted papers Changes in posted papers

authors Pre-COVID Post-COVID <-1 -1 0 1 >1

All 23,585 33,023 35,213 3,188 7,692 3,300 5,222 4,183
Top-50 5,063 7,598 8,672 696 1,424 808 1,126 1,009
Finance 5,192 7,634 8,613 716 1,528 787 1,142 1,019
Economics 13,562 19,397 21,820 1,909 3,893 1,981 3,137 2,642
Female 6,046 7,708 7,272 781 2,289 806 1,319 851
Male 17,539 25,315 27,941 2,407 5,403 2,494 3,903 3,332
Senior 5,675 9,968 12,147 885 1,349 793 1,316 1,332
Junior 2,606 3,757 4,199 399 662 385 636 524
PhD 637 815 539 97 286 84 117 53
Non-tenure-track author 14,667 18,483 18,328 1,807 5,395 2,038 3,153 2,274
Recent accounts 4,425 6,084 2,953 541 2,681 680 299 224
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Table 2 – Research Productivity Changes after COVID

This table shows regression results of research productivity changes after COVID. The sample consists of authors at SSRN top-
1,000 business schools and economics departments from July 2016 to August 2021. Each estimation is a fixed-effect panel re-
gression using author-month observations. The dependent variable is the number of papers posted by the author in a month,
multiplied by twelve. COVID is an indicator variable that equals one from March 2020 to August 2021, and zero oth-
erwise. Other variables are defined in the Appendix. All regressions include author and month-of-year fixed effects, and
month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in parentheses
are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7)

COVID -0.128*** -0.158*** -0.132*** -0.205*** -0.168*** -0.149*** -0.188***
(0.007) (0.008) (0.009) (0.008) (0.008) (0.008) (0.009)

COVID × Top-50 0.152*** 0.163*** 0.066*** 0.146*** 0.160*** 0.029
(0.016) (0.019) (0.018) (0.018) (0.017) (0.023)

COVID × Female -0.099*** -0.085***
(0.017) (0.017)

COVID × Senior 0.230*** 0.231***
(0.026) (0.026)

COVID × Junior 0.100*** 0.143***
(0.030) (0.029)

COVID × PhD -0.363*** -0.300***
(0.037) (0.037)

Top-50 × COVID × Female -0.075** -0.038
(0.036) (0.036)

Top-50 × COVID × Senior 0.109*** 0.146***
(0.040) (0.041)

Top-50 × COVID × Junior 0.004 0.131***
(0.049) (0.050)

Top-50 × COVID × PhD -0.083 0.063
(0.063) (0.064)

Author FE YES YES YES YES YES YES YES
Month of year FE YES YES YES YES YES YES YES
Month of year × Covariates FE NO YES YES YES YES YES YES
Observations 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332
R-squared 0.05% 0.05% 0.06% 0.08% 0.06% 0.06% 0.09%
Papers per year 0.786 0.786 0.786 0.786 0.786 0.786 0.786
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Table 3 – Research Productivity Changes after COVID excluding COVID papers

This table shows regression results of research productivity changes after COVID excluding COVID papers. The sample consists
of authors at SSRN top-1,000 business schools and economics departments from July 2016 to August 2021. Each estimation is a
fixed effect panel regression using author-month observations. The dependent variable is the number of non-COVID papers posted
by the author in a month, multiplied by twelve. COVID papers are defined as papers with COVID terms (COVID, corona, SARS-
COV-2, and pandemic) in the titles, abstracts, or key words. COVID is an indicator variable that equals one from March 2020 to
August 2021, and zero otherwise. Other variables are defined in the Appendix. All regressions include author and month-of-year
fixed effects, and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in
parentheses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7)

COVID -0.208*** -0.232*** -0.212*** -0.271*** -0.241*** -0.223*** -0.260***
(0.007) (0.008) (0.009) (0.007) (0.008) (0.008) (0.009)

COVID × Top-50 0.117*** 0.125*** 0.056*** 0.108*** 0.123*** 0.017
(0.016) (0.018) (0.017) (0.017) (0.016) (0.022)

COVID × Female -0.075*** -0.063***
(0.017) (0.017)

COVID × Senior 0.195*** 0.197***
(0.026) (0.026)

COVID × Junior 0.099*** 0.135***
(0.029) (0.029)

COVID × PhD -0.332*** -0.277***
(0.037) (0.037)

Top-50 × COVID × Female -0.053 -0.026
(0.035) (0.035)

Top-50 × COVID × Senior 0.062 0.101**
(0.039) (0.040)

Top-50 × COVID × Junior 0.028 0.126**
(0.048) (0.049)

Top-50 × COVID × PhD -0.042 0.075
(0.062) (0.063)

Author FE YES YES YES YES YES YES YES
Month of year FE YES YES YES YES YES YES YES
Month of year × Covariates FE NO YES YES YES YES YES YES
Observations 1,818,456 1,818,456 1,818,456 1,818,456 1,818,456 1,818,456 1,818,456
R-squared 0.08% 0.09% 0.09% 0.10% 0.09% 0.09% 0.11%
Papers per year 0.763 0.763 0.763 0.763 0.763 0.763 0.763
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Table 4 – Research Productivity Changes by COVID Quarters

This table presents regression results of research productivity changes by quarters since the COVID. The sample consists of authors at
SSRN top-1,000 business schools and economics departments from July 2016 to August 2021. Each estimation is a fixed effect panel re-
gression using author-month observations. The dependent variable is the number of papers posted by the author in a month, multiplied
by twelve. COVID QTR is an indicator variable that equals one from March to May of 2020. After COVID QTR is an indicator variable
that equals one from June 2020 to August 2021. Other variables are defined in the Appendix. All regressions include author and month-
of-year fixed effects, and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in
parentheses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7) (8)

COVID QTR 0.069*** 0.056*** 0.130*** 0.011 0.050*** 0.069*** 0.088*** 0.077***
(0.015) (0.018) (0.022) (0.017) (0.018) (0.018) (0.021) (0.021)

After COVID QTR -0.161*** -0.194*** -0.176*** -0.241*** -0.204*** -0.185*** -0.234*** -0.233***
(0.007) (0.008) (0.010) (0.008) (0.008) (0.008) (0.010) (0.010)

Top-50 × COVID QTR 0.064* 0.041 -0.026 0.073* 0.072* -0.076 -0.081*
(0.036) (0.042) (0.037) (0.039) (0.037) (0.046) (0.046)

Top-50 × After COVID QTR 0.167*** 0.184*** 0.082*** 0.158*** 0.174*** 0.048** 0.048**
(0.017) (0.020) (0.019) (0.018) (0.018) (0.024) (0.024)

COVID QTR × Female -0.266*** -0.255*** -0.218***
(0.035) (0.035) (0.034)

After COVID QTR × Female -0.070*** -0.056*** -0.061***
(0.018) (0.018) (0.017)

COVID QTR × Senior 0.225*** 0.204*** 0.273***
(0.060) (0.060) (0.070)

After COVID QTR × Senior 0.229*** 0.234*** 0.236***
(0.027) (0.027) (0.031)

COVID QTR × Junior 0.062 0.091 0.072
(0.068) (0.068) (0.063)

After COVID QTR × Junior 0.105*** 0.150*** 0.128***
(0.032) (0.032) (0.028)

COVID QTR × PhD -0.459*** -0.406*** -0.457***
(0.069) (0.068) (0.078)

After COVID QTR × PhD -0.347*** -0.282*** -0.289***
(0.038) (0.038) (0.044)

Top-50 × COVID QTR × Female 0.037 0.082 0.108
(0.070) (0.069) (0.072)

Top-50 × After COVID QTR × Female -0.098*** -0.063* -0.067*
(0.038) (0.038) (0.040)

Top-50 × COVID QTR × Senior 0.126 0.147* 0.132
(0.087) (0.088) (0.089)

Top-50 × After COVID QTR × Senior 0.105** 0.146*** 0.144***
(0.042) (0.043) (0.043)

Top-50 × COVID QTR × Junior -0.086 0.049 0.049
(0.103) (0.104) (0.104)

Top-50 × After COVID QTR × Junior 0.022 0.147*** 0.149***
(0.052) (0.053) (0.053)

Top-50 × COVID QTR × PhD -0.044 0.094 0.085
(0.109) (0.110) (0.110)

Continued on next page
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Table 4 – continued from previous page

(1) (2) (3) (4) (5) (6) (7) (8)

Top-50 × After COVID QTR × PhD -0.091 0.056 0.056
(0.066) (0.067) (0.067)

COVID QTR × Female × Senior -0.305***
(0.084)

After COVID QTR × Female × Senior -0.012
(0.050)

COVID QTR × Female × Junior 0.072
(0.143)

After COVID QTR × Female × Junior 0.082
(0.073)

COVID QTR × Female × PhD 0.176*
(0.105)

After COVID QTR × Female × PhD 0.026
(0.065)

Author FE YES YES YES YES YES YES YES YES
Month of year FE YES YES YES YES YES YES YES YES
Month of year x covariates FE NO YES YES YES YES YES YES YES
Observations 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332
R-squared 0.06% 0.07% 0.07% 0.09% 0.07% 0.07% 0.10% 0.10%
Papers per year 0.789 0.789 0.789 0.789 0.789 0.789 0.789 0.789
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Table 5 – Changes in Research Paper Pages after COVID

This table shows regression results of changes in research paper pages after COVID. The sample consists of authors at SSRN top-1,000
business schools and economics departments from July 2016 to August 2021. Each estimation is a fixed effect panel regression using
author-month observations with at least one posted paper. The dependent variable Log Pages is the aggregate number of pages in
papers posted by the author in a month in the natural logarithmic form. COVID is an indicator variable that equals one from March
2020 to August 2021, and zero otherwise. Other variables are defined in the Appendix. All regressions include author and month-of-
year fixed effects, and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in
parentheses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7)

COVID -0.002 0.003 0.006 0.006 0.004 0.002 0.009
(0.004) (0.005) (0.005) (0.005) (0.005) (0.005) (0.006)

COVID × Top-50 -0.018** -0.019** -0.037*** -0.013 -0.015* -0.028**
(0.008) (0.009) (0.011) (0.009) (0.009) (0.014)

COVID × Female -0.015 -0.015
(0.011) (0.011)

COVID × Senior -0.010 -0.010
(0.010) (0.011)

COVID × Junior -0.007 -0.010
(0.014) (0.014)

COVID × PhD 0.062 0.059
(0.043) (0.043)

Top-50 × COVID × Female 0.005 0.011
(0.021) (0.021)

Top-50 × COVID × Senior 0.041** 0.030
(0.017) (0.019)

Top-50 × COVID × Junior -0.027 -0.013
(0.021) (0.023)

Top-50 × COVID × PhD -0.143** -0.132**
(0.059) (0.060)

Author FE YES YES YES YES YES YES YES
Month of year FE YES YES YES YES YES YES YES
Month of year × Covariates FE NO YES YES YES YES YES YES
Observations 99,703 99,703 99,703 99,703 99,703 99,703 99,703
R-squared 0.06% 0.10% 0.12% 0.12% 0.12% 0.12% 0.18%
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Table 6 – Changes in Revised Research Papers after COVID

This table shows regression results of changes in revised research papers after COVID. The sample consists of authors at SSRN
top-1,000 business schools and economics departments from July 2016 to August 2021. Each estimation is a Poisson regression
using author-month observations with at least one posted paper. The dependent variable Revision is the number of revised papers
posted under a new paper ID by the author in a month. COVID is an indicator variable that equals one from March 2020 to
August 2021, and zero otherwise. Other variables are defined in the Appendix. All regressions include author and month-of-year
fixed effects, and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in
parentheses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7)

COVID -0.021 -0.034 -0.036 0.016 -0.034 -0.034 0.024
(0.054) (0.064) (0.066) (0.070) (0.067) (0.065) (0.080)

COVID × Top-50 0.031 0.026 0.095 -0.020 0.029 -0.074
(0.056) (0.058) (0.080) (0.060) (0.056) (0.095)

COVID × Female 0.017 0.010
(0.077) (0.078)

COVID × Senior -0.164*** -0.172***
(0.052) (0.060)

COVID × Junior -0.010 -0.065
(0.113) (0.124)

COVID × PhD -0.108 -0.154
(0.398) (0.409)

Top-50 × COVID × Female 0.029 0.013
(0.080) (0.085)

Top-50 × COVID × Senior -0.009 0.159
(0.093) (0.101)

Top-50 × COVID × Junior 0.415*** 0.457***
(0.123) (0.152)

Top-50 × COVID × PhD 0.266 0.354
(0.494) (0.506)

Author FE YES YES YES YES YES YES YES
Month of year FE YES YES YES YES YES YES YES
Month of year × Covariates FE NO YES YES YES YES YES YES
Observations 106,493 106,493 106,493 106,493 106,493 106,493 106,493
Pseudo R-squared 40.73% 40.74% 40.75% 40.78% 40.78% 40.75% 40.82%
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Table 7 – Changes in Co-authors after COVID

This table shows regression results of changes in co-authors after COVID. The sample consists of authors at SSRN top-1,000 busi-
ness schools and economics departments from July 2016 to August 2021. Each estimation is a Poisson regression using author-
month observations with at least one posted paper. The dependent variable Co-authors is the aggregate number of co-authors
on papers posted by the author in a month. COVID is an indicator variable that equals one from March 2020 to August 2021,
and zero otherwise. Other variables are defined in the Appendix. All regressions include author and month-of-year fixed effects,
and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in parenthe-
ses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7)

COVID 0.081*** 0.074*** 0.078*** 0.081*** 0.073*** 0.073*** 0.084***
(0.011) (0.010) (0.011) (0.008) (0.011) (0.010) (0.011)

COVID × Top-50 0.025* 0.024 0.021 0.014 0.027* -0.008
(0.014) (0.017) (0.019) (0.016) (0.014) (0.023)

COVID × Female -0.021** -0.024**
(0.010) (0.011)

COVID × Senior -0.022 -0.021
(0.017) (0.019)

COVID × Junior 0.006 0.001
(0.025) (0.028)

COVID × PhD 0.079 0.072
(0.096) (0.101)

Top-50 × COVID × Female 0.002 0.004
(0.021) (0.021)

Top-50 × COVID × Senior 0.017 0.045*
(0.026) (0.027)

Top-50 × COVID × Junior 0.071** 0.092**
(0.033) (0.039)

Top-50 × COVID × PhD -0.160 -0.128
(0.118) (0.117)

Author FE YES YES YES YES YES YES YES
Month of year FE YES YES YES YES YES YES YES
Month of year × Covariates FE NO YES YES YES YES YES YES
Observations 106,493 106,493 106,493 106,493 106,493 106,493 106,493
Pseudo R-squared 18.19% 18.20% 18.20% 18.20% 18.20% 18.20% 18.22%
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Table 8 – Abstract Readability around COVID

This table shows results on readability scores for abstracts of SSRN papers from top-1,000 business schools and economics departments
from July 2016 to August 2021. Each estimate is a Poisson regression using author-month observations with at least one paper.
Dependent variables are the Flesch (1945) reading ease, the Smog Idex (McLaughlin, 1969), the Flesh-Kincaid readability score
(Kincaid and Chissom, 1975), and the number of difficult words in an abstract. Other variables are defined in the Appendix. All
regressions include author and month-of-year fixed effects, and month-of-year interacted with covariate fixed effects are included where
indicated. Standard errors reported in parentheses are double-clustered by author and month. *, **, and *** denote significance at
the 10%, 5%, and 1% levels, respectively.

Flesch ease SMOG Flesch-Kinkaid Difficult words

COVID -0.555*** 0.183*** 0.084*** 3.035***
(0.149) (0.037) (0.031) (0.180)

Top-50 × COVID 0.289 -0.071 -0.025 1.191***
(0.330) (0.075) (0.070) (0.427)

COVID × Female -0.800*** 0.167** 0.141** 0.613*
(0.269) (0.067) (0.055) (0.337)

COVID × Senior 0.383 -0.041 -0.076 0.362
(0.242) (0.060) (0.050) (0.316)

COVID × Junior 1.086*** -0.206*** -0.219*** -0.721*
(0.325) (0.072) (0.067) (0.396)

COVID × PhD -0.963 0.458** 0.259 3.034**
(0.849) (0.182) (0.172) (1.461)

Top-50 × COVID × Female 0.876* -0.182 -0.160 -0.276
(0.495) (0.114) (0.103) (0.615)

Top-50 × COVID × Senior 0.141 -0.210** -0.075 -1.371**
(0.431) (0.099) (0.091) (0.556)

Top-50 × COVID × Junior -0.305 0.077 0.084 -1.272*
(0.569) (0.120) (0.116) (0.675)

Top-50 × COVID × PhD 0.058 -0.344 -0.210 -4.502**
(1.407) (0.264) (0.282) (1.907)

Constant 29.503*** 15.431*** 14.458*** 44.803***
(0.253) (0.060) (0.051) (0.324)

Author FE YES YES YES YES
Month of year FE YES YES YES YES
Month of year x covariates FE YES YES YES YES
Observations 104,921 104,921 104,921 104,921
Adjusted R-squared 0.15% 0.20% 0.14% 1.14%
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Table 9 – Changes in the Research Tone after COVID

This table shows regression results of changes in the tone of abstracts around COVID. The sample consists of authors at SSRN
top-1,000 business schools and economics departments from July 2016 to August 2021. Each estimation is a Poisson regression using
author-month observations with at least one posted paper. Dependent variables are measures of emotions extracted from abstracts
that are Happiness, Anger, Surprise, Sadness, and Fear. COVID is an indicator variable that equals one from March 2020 to
August 2021, and zero otherwise. Other variables are defined in the Appendix. All regressions include author and month-of-year
fixed effects, and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in
parentheses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

Changes in emotion measures

Happiness Anger Surprise Sadness Fear

COVID 0.001 0.000 -0.004** 0.002 0.006
(0.001) (0.001) (0.002) (0.002) (0.006)

COVID × Top-50 -0.002 -0.002 -0.004 -0.001 -0.006
(0.003) (0.002) (0.004) (0.004) (0.011)

COVID × Female 0.002 0.000 0.000 0.002 -0.000
(0.003) (0.002) (0.004) (0.004) (0.013)

COVID × Senior -0.001 0.002 0.007 0.002 0.004
(0.003) (0.002) (0.005) (0.005) (0.017)

COVID × Junior -0.002 0.003 0.004 -0.001 -0.016
(0.005) (0.002) (0.006) (0.005) (0.018)

COVID × PhD -0.005 -0.002 0.003 -0.004 -0.055**
(0.007) (0.005) (0.009) (0.010) (0.028)

Top-50 × COVID × Female -0.003 0.004 -0.004 -0.005 0.006
(0.005) (0.003) (0.006) (0.006) (0.018)

Top-50 × COVID × Senior 0.010** -0.001 -0.001 -0.008 0.010
(0.004) (0.003) (0.006) (0.006) (0.021)

Top-50 × COVID × Junior 0.001 -0.001 0.008 0.000 0.021
(0.006) (0.003) (0.008) (0.007) (0.023)

Top-50 × COVID × PhD 0.019* 0.003 -0.009 -0.019 0.021
(0.010) (0.008) (0.014) (0.015) (0.034)

Author FE YES YES YES YES YES
Month of year FE YES YES YES YES YES
Month of year × Covariates FE YES YES YES YES YES
Observations 101,520 101,520 101,520 101,520 101,520
R-squared 0.16% 0.16% 0.15% 0.17% 0.15%
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Appendix

Table A.1 – Description of Variables

This table presents the definition for each variable in the study.

Variable Definition

Papers per year Number of papers posted by the author in a year

Business school Indicator variable equal to one if the author is at SSRN top-1,000
business schools

Top-50 Indicator variable equal to one if the author is at top-50 economics
and finance departments

Finance Indicator variable equal to one if the author’s discipline is finance

Economics Indicator variable equal to one if the author’s discipline is eco-
nomics

Female Indicator variable equal to one if the author’s gender is female

Account age Number of years between the date when the first paper was posted
and August 2021

Senior Indicator variable equal to one if the author is either an associate
professor or a full professor

Junior Indicator variable equal to one if the author is an assistant Pro-
fessor

PhD Indicator variable equal to one if the author is a doctoral student

Non-tenure-track author

Indicator variable equal to one if the author falls into one of the
following categories: (1) non-tenure-track faculty; (2) undergrad-
uate student; (3) graduate student other than PhD; (4) work in
the industry; (5) no information about the title is provided in the
SSRN author page

COVID Indicator variable equal to one from March 2020 to August 2021

COVID papers Papers with COVID terms (COVID, corona, SARS-COV-2, and
pandemic) in the titles, abstracts, or key words

COVID QTR Indicator variable equal to one from March to May of 2020

After COVID QTR Indicator variable equal to one from June 2020 to August 2021

Log Pages Aggregate number of pages in papers posted by the author in a
month in the natural logarithmic form

Continued on next page
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Table A.1 – continued from previous page

Variable Definition

Revision

Number of revised papers posted by the author in a month. The
paper is defined as a revision if it falls into one of the following
categories: (1) for different versions of a paper grouped under the
same paper title on the SSRN author page, the version with the
most recent posting date; (2) if generalized edit distances of titles
and abstracts between two papers posted by the same author are
both below 10,000, the one with the most recent posting date

Co-authors Aggregate number of co-authors on papers posted by the author
in a month
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Table A.2 – Relevant Words

This table shows the relevant words used to identify non-research papers.

Article type Part of the text Relevant words

Title

Cases Abstract this case

Keywords

Title appendix

Appendiices Abstract

Keywords online appendix

Title presentation slide(s)

Presentation slides Abstract this presentation; these slides; presentation delivered;
presentation slide(s)

Keywords presentation(s)

Title book review

Book reviews Abstract book review; books reviewed; books review

Keywords

Title

Book chapters Abstract this chapter

Keywords

Title lecture

Lecture notes Abstract this technical note; lecture note(s); this course

Keywords lecture

Title commentary; comment on; supplement to

Other Abstract subject areas; case setting; cfa; this material

Keywords footnote(s)
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Table A.3 – Research Productivity Changes after COVID using Poisson Regressions

This table shows regression results of research productivity changes after COVID using Poisson regressions. The sample con-
sists of authors at SSRN top-1,000 business schools and economics departments from July 2016 to August 2021. Each estima-
tion is a Poisson regression using author-month observations. The dependent variable is the number of papers posted by the
author in a month, multiplied by twelve. COVID is an indicator variable that equals one from March 2020 to August 2021,
and zero otherwise. Other variables are defined in the Appendix. All regressions include author and month-of-year fixed effects,
and month-of-year interacted with covariate fixed effects are included where indicated. Standard errors reported in parenthe-
ses are double-clustered by author and month. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.

(1) (2) (3) (4) (5) (6) (7)

COVID -0.167*** -0.215*** -0.168*** -0.312*** -0.230*** -0.201*** -0.283***
(0.058) (0.064) (0.065) (0.063) (0.063) (0.063) (0.060)

Top-50 × COVID 0.209*** 0.202*** 0.123* 0.206*** 0.213*** 0.040
(0.049) (0.050) (0.064) (0.052) (0.048) (0.084)

COVID × Female -0.212*** -0.190***
(0.045) (0.044)

COVID × Senior 0.335*** 0.340***
(0.036) (0.040)

COVID × Junior 0.144*** 0.247***
(0.043) (0.051)

COVID × PhD -0.808*** -0.678***
(0.127) (0.135)

Top-50 × COVID × Female -0.013 0.038
(0.057) (0.054)

Top-50 × COVID × Senior 0.027 0.095
(0.068) (0.088)

Top-50 × COVID × Junior -0.035 0.115
(0.069) (0.101)

Top-50 × COVID × PhD -0.109 0.060
(0.128) (0.151)

Author FE YES YES YES YES YES YES YES
Month × year FE YES YES YES YES YES YES YES
Month × year × covariates FE NO YES YES YES YES YES YES
Observations 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332 1,832,332
Pseudo R-squared 13.90% 13.93% 13.95% 14.01% 13.94% 13.97% 14.09%
Papers × year 0.786 0.786 0.786 0.786 0.786 0.786 0.786
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